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Po3po6HuK

noktop dinocodii 3 dimonorii, ct.H.c. Kpamap H.A.

Po6ouy nporpamy 3aTBepa:keHo Buenoro pagoro LlenTpy
HAYKOBHX/IOC/TI:KeHb Ta BUKJIaAaHHA iHo3eMHuXx MoB HAHY

npotokoia Ne 4 Big 25 uepsusa 2025 p.



1. 3araabHi BizomocTi

XapakTepucTuKa TUCIUTIIIHY 32
JEHHOI0 (hOPMOO HaBYAHHS
Ha3Ba qpucnumiainm OCHOBH KOMIT IOTEPHOI JIIHTBICTUKH

BUOIPKOBUY KOMIIOHEHT, TUCITUILIIHA
BuOopy acmipanta BK 05 J/IBA

HaiimenyBaHHS TOKa3HUKIB

Buna aucuuniinm

MoBa BUKJIAIaHHSA,

HABYAHHA TA aHTIIIICHhKA, YKpaTHChKA
OIIIHIOBAHHS
3arajibHuii 00CAT KpPeauTiB / 3/90
rOJIHH
Kype 3
Cemectp 5-6
KinbkicTh 3MicTOBHX 3
MOJYJIiB
OO0csr kpeauTiB 3
90

OO0coar roaus,
B TOMY YMCJIi:

Jlekmii 10
IIpakTuuHi (iIHLAUBIAYyaIbHI)
3aHATTHA 8
Camocriitna podora

72
dopma miACyMKOBOI0 —

KOHTPOJIIO

2. Mera, 3aBaHHA Ta 0YIKYBaHI pe3yJIbTATH HABYAJIbHOI JUCHMILIIHA
Po6oua nporpama napuansHoi guctumuiiay BK 05 JIBA «OcHoBH KoM’ FOTEPHOT
JHTBICTUKI» € HOPMAaTUBHUM JIOKYMEHTOM, SIKHUW PO3POOJICHO Ha

OCHOBI OCBITHbO-HayK0BO1 nporpamu (nani OHII) B11 «®inonoris» Philology 3a
cnemanizamiero 0232 — Jlirepatypa Ta minreictuka Literature and linguistics
rairy3i 3HaHb KynbTypa, MUCTEITBO Ta TyMaHITapHI HAYKH TPETHOTO OCBITHHO-
HAyKOBOTO PIBHS BUILOT OCBITH — JOKTOpa (histocodii, 3aTBep/rkeH0i BueHoro
panoro LleHTpy HayKOBUX JTOCHIKEHb Ta BUKIIaaHHs iHO3eMHNX MOB HAHY
npotokost Ne 4 Biz 25.06.2025 poky.

Jucnumniaa «OCHOBH KOMIT IOTEPHOI JTIHTBICTHKHY HAJICKHUTH JI0

BOKJIMBUX HAaBYAIBHHMX JUCITUILIIH 33 OCBITHRO-HAYKOBUM PIBHEM <JIOKTOP
bimocodii». Bona mokamkana 10MOMOTTH aCipaHTOBI PO3IIUPUTH CBOi 3HAHHS
PO METOJIM JIIHTBICTUYHUX JOCII/KEHb; 30PIEHTYBATUCS Y CYYaCHUX KOPITycax
YKpaiHCHhKOi MOBH Ta 1HO3€MHHX MOB; OTIaHYBAaTH OCHOBH ITPOTpaMyBaHHS y MOBI
Python; mocuauTy HAaBMYKKM KOMITUTIOBAHHS BIIACHUX KOPITYCIB Ta €KCTPaKIi



iH(opMalIii 13 HUX 3aBISKH BUKOPUCTAHHIO CTIEI1a]1130BaHOTO ITPOTPAMHOTO
3a0e3MeyeHHs.

Meta: MeTotro IbOTo KypCcy € 03HalOMJICHHS CTY/ICHTIB 3 OCHOBAMH
KOMIT'FOTEPHOI JIIHTBICTUKY Ta HAJaHHS IM MIPAKTUIHUX HABUYOK Y 3aCTOCYBaHH1
IHCTPYMEHTIB 1 METO/IB aHaJli3y TEKCTY JJISI PI3HOMaHITHUX 3aBJ/IaHb, TAKUX 5K
eKCTpaKIIis ganux (data mining), anaxi3 HacTpoiB (sentiment analysis), TeMaTUYHE
MOJICTIOBaHH, Ki1acudikallis TeKCTiB Toio. Kypc cpsMoBaHo Ha Te, 11100
JIOTIOMOTTH acMipaHTy oOUpaTH HaWJOUUIBHIII METOAU Ta IHCTPYMEHTH IJIs
poOOTH 3 TEKCTOBOIO 1H(POPMAIIIEIO BEITHUKOTO 00CATY.

IlepenymoBa BUBYEHHSI.
[TonepenHi BUMOTu

AcripaHT MOBMHEH 3HATU: YKPAIHCHhKY Ta aHIIIIMChKY MOBH Ha piBHI He HIbkue Cl,
OCHOBHI NMPUHAOMU TIOILIYKY Ta aHaJi3y 1HPpOpMallii, OCHOBH JIIHTBICTHYHO1
METO/I0JIOTi1; OCHOBU CTATHUCTHKHW; MaTH HABUYKH KPUTHYHOTO MUCJICHHSI.

3aBnanns HaBuanabHOI quctuiuiiad BK 05 IBA «OcHoBU KOMIT I0TEPHOI
JIHTBICTUKHY MOJISrae y popMyBaHHI Ta HAOYTTI TAKMX KOMIIETEHTHOCTEMN:
3araibpH1 komrereHTHOCTI: 3K: 1, 3, 4, 5 (B1AMOBIIHO 10 NIEPEITIKY 3arajbHUX
kommneTeHTHocTerr OHIT). daxosi kommerenTHocTi: DK 2, 4,5, 6,7, 8, 9, 10, 13,
14 (BiamoBinHO A0 nepeniky paxoBux kommnereHtHocTet OHII). [Iporpamui
pesynbrati HaBwaHHs: [IPH 1.4, 2.1, 2.2, 2.3, 4.2, 4.4 (BiaNOBIHO IO TIEPETIKY
nporpamMHux pe3ynbTaTiB HaBuanHs OHII).

daxoBi NporpaMHi pe3yJbTaTH HABYAHHS (BUMOTH 10 3HAHb TA BMiHb):

VY pe3ynbTaTi BUBYEHHS HABYAILHO1 JUCHUILIIHUA acipaHT MOBUHEH

3HATH:

® pOJIb KOMII FOTEPHOI JIIHIBICTUKH Y Cy4aCHOMY JIIHTBICTHYHOMY JIaHIIa(TI

® iCTOpIIO CTAHOBJIEHHSI KOMIT FOTEPHO1 JIIHTBICTUKU

® OCHOBHI MTOHATTS KOMIT FOTEPHOI JIIHTBICTUKHU TaKi SIK: KOPIYC, 1aTaCEeT, TOKEH,
JeMa, CTeMiHr, N-rpam (N-gram), mapcuHr, CAHTAKCUYHUH aHaji3, MopdotoriayHmii
aHaJIi3, BEKTOPH3allisl, YaCTOTHUH aHaii3, BOymyBanHs ciiB (Word embedding).

® 0COOJIMBOCTI aHAJTi3y TEKCTy Ta eKcTparyBaHHs iHopMmarii y Python

® 0COOJIMBOCTI JIEMATHU3Alll]l Ta CTEMIHTY MOB 3 PI3HUX MOBHHUX CIMEH

e criendixy NLP-6i0mioTex Python i iXHI0 JOLIIBHICTE IS Pi3HUX 3aBJIaHb
KOMIT FOT€PHOT JIIHTBICTUKHU

 MeToiu Word embedding (BOyayBaHHS CJ1iB)

® METOJIM BEKTOPHOI pENpe3eHTallii CIIiB

® OCHOBHI aropuT™Mu TemMaTuaHoro mojemoBanns (LDA, LSA, PLSA)

e BiJIMIHHICTBh MIX Kjlacudikariiero Ha ocHoBi npaBui (rule-based classification) Ta



KJacuikaliero Ha OCHOBI MAIIMHHOTO HABYAHHS

® eTUYHI MPoOJIEMHU, OB’ s13aH1 3 BEO-CKPEUITIHIOM Ta aHAII30M YYTJIMBHUX JaHUX
(sensitive data)

e NpuHIKMIK (YHKIIIOHYBaHHS BEJIMKKX MOBHUX Mojeieii (large language models)
e MOXUTMBOCTI ToHaamTyBaHHs (fine-tuning) HasBHUX MOBHUX MOJeIEH

® OCHOBHI KOPITyCH YKPaTHCHKOT, aHTJIIHCHKOI Ta 1HIIUX MOB Ta CIIOCO0OU 1X
BUKOpHUCTaHHA 11 1iteir NLP

BMITH:

e BukopucroByBatu ocHoBHI NLP-6i0miorexku Python (Spacy, NLTK, Textblob,
Stanza, Pandas Ta imii)

e cTBOproBaty QyHKIii y Python

e 00pOOJIATH 1aHl pi13HUX (POPMATIB Ta BUKOHYBATH KOHBEPTALIIIO 3 OJTHOTO
dopmary B inmmii (txt, pdf, csv, xml Tomo)

® BUKOHYBATH aHaJli3 YaCTOTHOCTI Ta aHaJi3 KIFOYOBUX CIIiB

® BUJIUISATU OCHOBHI N-TpaMu y TEKCTOBUX JaHUX

® BUKOHYBATH IOIIEPEIHIO 00pOOKY (Preprocessing) nanux (BumaaJIeHHS
MYHKTYaIlll Ta HEPEJIEBaHTHUX CUMBOJIIB, BUJAICHHS CTOI-CJIiB, HOpMaJi3alis
IIPABOITUCY TOIIIO)

® 3/11iICHIOBATH JIEMaTH3all1}0 Ta CTEMIHI MOBHMX JaHUX

e 3actocoByBatu SpacyMatchers ta Regex mis exctparyBanHs iHpopmartii
noTpiOHOrO (hopmaty

® BUKOHYBAaTH TEMaTUYHE MOJICJIIOBAHHS Ta KJIacU(IKALlIO TaHUX

® CTUYHO BUKOPUCTOBYBATH YaTOOTH Ha OCHOBI BEJIMKMX MOBHMX MOJIENIEH Ta
CTBOPIOBATH €(DEKTUBHI TPOMTH JIJISl HUX

e Bi3yasi3yBaTu PEe3yJbTaTH aHAI3Y y BUTJIA JiarpaM Ta CXeM

® 4ITKO BUKJIAJATH Ta MIPE3EHTYBATU PE3YJIbTATH 3aCTOCYBAHHS METO/IIB

KOMIT FOTE€pPHOT JIIHTBICTHKH B YCHIH Ta MUCbMOBIHN (hopmax

3. TeMaTnuHul MJIAaH HABYAJBHOI IUCIUILIIHHA

HaBuanpHuii MaTepias TUCHUILIIIHU CKIIAJAETHCS 13 7 TEM.

Kypc BukiiagaeTbes mijJi 4ac 1’ siToro Ta MoCTOro CEMECTPIB TPETHOI'O POKY
HaBYaHHS B acMipaHTypl.

Tema 1. Micue komm’totepHoi niHrBictuku Ta NLP y cydacHOMy JiHTBICTHYHOMY
nauamadTi.

Tema 2. OcHoBu nporpamyBanus y Python mis NLP-3anau.

Tema 3. [Tomepeaus 06poOka TekcTOBUX AaHKUX y Python: 6i0mioTexku, METOIH,
MIXO/IH.

Tema 4. O6poOka TEKCTOBUX JaHUX: BiJ MOP(HOIOTIYHOTO 10 CEMAaHTUYHOTO



PIBHSI.

Tema 5. OcnoBu MammaHoro Hasuanasa 111 NLP-3agauy.
Tema 6. BekTtopHa penpe3eHTalis CiB.
Tema 7. TemaTnuHe MOAEMIOBaHHS Ta KJIacH(piKallis TEKCTOBUX JaHUX.

4. Ilporpama HABYAJBHOI JUCIUILIIHI

Ha3zBa Temu
Tema

KinekicTh rognn

Jlexmii

[TpaxTruni
(iHaUBiAYyaNIbHI1)

CamocriiiHa
pobora

Tema 1. Micre

KOMIT IOTEPHOT1
niareictuku Ta NLP y
Cy4acHOMY
JIHTBICTUYHOMY
JaHAmagdTi.

10

Tema 2. OcHOBH
2. MporpamMyBaHHs y

Python mis NLP-3anau.

20

Tema 3. ITonepeans
00po0OKa TEKCTOBUX
3 nanux y Python:

' 0i101i0TEKH, METOIN,
I1IXOJTH.

20

Tewma 4. O6poOka
TEKCTOBHUX JAHHUX: BIJ
4. MOP(OJIOTiYHOTO 10
CEMaHTUYHOTO PIBHS.

10

Tema 5. OcHOBH
MAIIIMHHOTO HABYAHHS
g NLP-3amay.

Tema 6. BexkTtopHa
perpe3eHTallis CJiB Ta
BOyIyBaHHs ciiB (Word
embedding).

Tema 7. TemaTnuHe
MOJICIIOBAaHHS Ta
KJTacudiKaIis
TEKCTOBHUX JaHUX.

10

72

Ycboro \

90




5. CTpykTypa HaBYaJIbHOI M CUHUILTiHA
3microBuii MoayJb 1.

1.1. CriBBigHOIICHHS MOHATH «KOMIT I0TepHa JiHrBicTHKa», « NLP» Ta «language
technology».

1.2. OcHOBHI 111711 Ta 3aBJAAaHHS KOMIT IOT€PHOI JIIHTBICTHKH.

1.3. IcTopist cTaHOBIEHHS KOMIT FOTEPHOI JIHTBICTUKH Bia 1950 pp. 10 CbOTOAHI.
1.4. 3B’5130K KOMIT FOTEPHOT JIIHTBICTUKH 3 IHITUMH JIIHT'BICTAYHUMU HaMPSIMKaMH.
1.5. IomanpIi mepcneKTUBU PO3BUTKY TEXHOJIOT1H 0OpOOKH MPUPOAHOI MOBH Ta
iXHI} BIUIMB Ha CYCIIJIbHE KUTTSI.

1.6. OCHOBHI IOHSITTSI KOMIT FOTEPHOI JIIHTBICTUKH: TOKEH, JIEMMa, CTEMIHT,
MapCHUHT, YaCTHHOMOBHA PO3MITKA.

3micToBHil MOaYJIb 2.

2.1. 3MiHHI, TUITM TaHUX Ta OIeparlii.

2.2. Huxiu for Ta while.

2.3. OynkiIii Ta 00’ €KTH.

2.4. PoGoTa 3 (haiimamMu: BIIKpUTTS, YUTAHHS Ta 3anuc (aiisiiB TEKCTOBOTO Ta
O1HApHOTO THUITY.

2.5. Omepartii 31 CTpyKTypamu IaHUX: CIIUCKH, KOPTEXK1, MHOKHHH, CIOBHUKH.
2.6. ITpuniunu poOoTH 3 30BHIIIHIMU Oi0IioTeKamu Python.

2.7. OcHOBH peryJsipHUX BUpa3iB (regex).

2.8. Kommissimiist Ta miarotoBka paracery st o0pooku y Python.

2.9. MeToau nonepe 101 00POOKH TEKCTOBUX JAHUX: HOpMAaJIi3aIlis TPaBoIHCY,
BHJIAJICHHS 3aiBOT IMyHKTYaIlii Ta CTCIiaJbHUX CUMBOJIIB, BUIAJICHHS CTOII-CIIB,
TOKEHI3aIlisl.

2.10. CtemiHr Ta neMaTU3allis: K 00paT JOMUTBHHUM MaAX1j?

2.11. CuHTaKCHYHUI aHaJIi3 TEKCTOBUX JdaHuX: dependency parsing vs.
constituency parsing.

2.12. YacTHHOMOBHA PO3MITKA.

2.13. Tlpunnunu podotu 3i Spacy Matchers.

2.14. Po3nizHanHs iMmeHoBanux cytHocter (Named Entity Recognition).

3micTroBuit MOaYJIb 3.

3.1. Tunm MamIMHHOTO HABYAHHS: KOHTPOJILOBAHE HaBYAaHHS, HCKOHTPOJIHOBAHE
HaBYAaHHS Ta HABUYAHHS 3 MM AKPITIIICHHSIM.

3.2. Feature engineering ais mamuaHOT0 HaBuaHHsS B NLP.

3.3. Meroau BeKTOpHOI pernpe3eHTariii ciiB: one-hot encoding, bag of words, TF-
IDF.

3.4. CyuacHi migxoau a0 BOyayBauus ciis (word embedding): Word2Vec, GloVe,
FastText.



3.5. Knacudikartist TekcTy Ha OCHOBI MpaBuII VS. KiacuQikallis TEKCTy Ha OCHOBI
MaIIMHHOTO HaBYAHHSI.

3.7. Metoau TemaTnyHoro MoaeitoBanasd TekctoBux nanux: LDA, LSA, GSDMM
Ta 1HIII.

3.8. Bemuki moBHi mozeni (large language models) ta npunmmnmm poOOTH 3 HUMHU.
3.9. Apxirekrypa Heriponnux mepesk: RNN, CNN, Transformer.

InguBinyajabHi 3aHATTS
Meta npakTudHNX (1HAUBITyaIbHUX ) 3aHATH - IPAKTUYHE 3aKPIIUICHHS MUTAHb,
OB’ 3aHUX 3 TeMaMU JICKIIi Ta JOCIIPKEHHIMH acIlipaHTa.

CamocriiiHa po0oTa acnipaHTa, ii 3MicT Ta 00CHAT
No 3MICT caMOCTIMHOT O6c¢sr CP

j po0OOTH acipaHTa (rogun)

1 OrnpanroBanHs

JEKLUIMHOro Marepiainy

[TigroroBka 10

1HJIUB1 Ay aJIbHUX

(MpaKTUYHUX)

3aHSTh

VY cboro 3a HaB4ABHOIO

TUCIUAILIIHOO

30

42

72

6. PeiiTuHroBa cucreMa OiHIOBAHHSA

PeliTunr acniipanTa nepiioro poky 3i criemiaasHocTi B11 «®inomoris» 3a
cnemianizauiero 0232 — JlirepaTypa Ta JIIHIBICTHKA Taity3i 3HaHb KynbTypa,
MUCTEIITBO Ta TYMaHITapH1 HAyKU TPEThOT'O OCBITHHO-HAYKOBOTO PIBHS BUIIOT
OCBITU — JOKTOpa (Piocodii — CKIIagaeTbes 3 6aiiB, M0 X OTPUMAHO 3a:

1. Excripec-kouTposs — 30 GamniB

2. llpakTruHi (1HAUBITyalIbHI) 3aHATTS Ta caMoCTiitHa poboTta — 30 6aiB

3. Icnut — 40 GaniB

3aoxouyBaibHi 1 mTpadHi Oamu:

1. BigcyTHICTh Ha JIeKIlii 0e3 MOBaXHUX MPHUYHH - (-) 2 Oanw.

2. BiacyTHICTh HA IHAMBIAYalbHUX (IPAKTUYHUX ) 3aHATTAX 0€3 MOBAKHUX MPUYMH
(-) 2 6anm.

3. [linroroBka myOumikarii 10 ApyKy Ta/abo BucTyny Ha KoH(pepenuii (+) 10 6aniB
Cyma sik mTpadHuX, Tak 1 320X04yBaJIbHUX OaniB He Mae nepeBuiryBatu 0,1R=10
OautiB.

Cucrema peiiTHHrOBHUX 0aJ1iB Ta KpUTEPil OLiHIOBAHHA

Excnpec-kouTpons (30 6aitiB) MPOBOAUTHCS 3 METOIO TIEPEBIPKHU SKOCTI POOOTH
acrmipaHTa B ayJUTOpIi Ta CaMOCTINHHOI poOOTH B M03aayAUTOPHUN Yac 3a



JIOTIOMOTO0 YCHOT'O OIUCYBaHHA a00 nepeBipoyHux poOiT TpuBaiictio 10-30
XBUJIUH a00 1HAUBITyTbHUX JOMAIIIHIX 3aBJAaHb MPOTSATOM CEMECTPY, 3aBISIKN
JOMY IMEePEBIPAIOTHCSA HaOyTl 3HAHHS Ta PO3YMIHHS TOTO SIK MaTepiaau Kypcy

MO’KHA 3aCTOCYBATH y BIACHUX JAOCIIIPKEHHSX 3a TEMOIO AMCEPTAIliitHOi poOoTH Ta

IIPH T1ATOTOBIN MyOJIIKaIlii 32 TEMOIO TUCEpTallii.

Po3paxyHKkoBa 11Kana pedTUHTY CKIIAJIaE:

RC =30+ 30 +40 = 100 (6amniB).
Peittunr RD acmipanTa ckiiagaeTbesi 3 pEHTUHTY, OJEpPKaHOTO MPOTITOM
CEMECTPY 3 YpaxyBaHHSIM 3a0X09yBaJbHUX 1 mTpadanx O6ams. HeoOxigHOO
YMOBOIO JIOITYCKY acIipaHTa JI0 iICIUTY 3 TUCIHIUIIHA € TTIO3UTUBHUMA PEUTHHT 3

yCix

dbopM cemecTpoBoi arecTallii. AcmipaHTH, K1 HAOpaJld IPOTATOM CEMECTPY MEHIIIE

30 GaniB, 3000B’sA3aH1 MABUIIUTH CBIM pEUTHHT JIJIs1 JOMYCKY J0 1CITUTY.

HIxaJua omiHoOK

JTUCIUILIIHA

HanionaabHa PeiiTuHroBa
Oninka Bu3znauenns HiKaJja 0aJbHA HIKaJIa
OLIIHIOBAHHSA OIIIHIOBAHHSA
BIIMIHHE
BUKOHAHHS
JINIIIE . .
BIJIMIHHO 5, 0 (BigMiHHO) 90 <RD <100
3 HE3HAYHOIO
KUIBKICTIO
IIOMHJIOK
B LIIJIOMY
paBUJIbHA
pobora 3 < <
JIOBPE HEBHOIO 4, 0 (m00pe) 74 <RD < 89
KUIBKICTIO
IIOMMJIOK
BUKOHAHHS
3AJIOBUTLHO 3a10BOJILHAC 30 60 <RD <73
MIHIMAJIbHI (3ap0BLIIBHO)
KpuTepii
MO>KJIUBE 9
HE3AJZIOBIUJIBHO | noBTOpHE . 35<RD<59
(He3210BLIIBHO)
CKJIaJaHHA
HEOOX1THUHN
ITOBTOPHHI 2 RD < 35
HE3AZIOBIJIbHO | kypc 3 .
. (He3a10BJIBHO)
HaBYAJILHOI




7. Opi€eHTOBHHUII MepesiiKk MUTAHb HA iCIIUT:
1. ki OCHOBHI 111711 Ta 3aBAaHHS KOMIT IOTEPHOI JIHIBICTUKU?

2. SIxi eTanu MOXKHA BUJUIMTH y PO3BUTKY KOMIT FOT€PHOT JIHTBICTHKH Bia 1950x
POKIB 710 COTOH1?

3. Illo Take AIHTBICTUYHUIN KOPIYC 1 K1 3aBJaHHS MOXKHA BUPIIIYBAaTH 3 HOTO
JTOIOMOT 00 ?

4. SIki mepeBary Ta 0OMeXEHHs MOB's13aHi 13 3aCTOCYBAHHAIM KOPITYCIB JIJIst
JOCTIIKEHb?

5. SIxi MeToIM aHOTYBaHHS KOPIYCY ICHYIOTh?

6. IlepeBaru Ta Henoiku pizHUX Oi0moTek Python mist Bupimenns NLP-3amay Ha
OCHOBI1 aHTJIOMOBHHX Ta YKPaiHOMOBHHX JaHUX.

7. TTOSICHITH TOHATTS «TOKEHY 1 «JIEMMAaY.

8. I1osCHITH PI3HUINIO MIJK CTEMIHTOM Ta JiemaTu3zailiero. [{ns skux moB ta NLP-
3aJ1ay JOUIIBHIIIUN OJIUH YU THIIHA?

9. OnuiIiTh OCHOBHI €Tany NonepeaHb0i 00POOKH JITHIBICTUYHUX JAHUX.
10. OnumriTe aropuT™ podoTH 3 MoyIeM Spacy Matchers.
11. OnuiiTe alropuT™ 371HCHEHHS aHaIi3y HacTpoiB (Sentiment analysis).

12. TTosICHITH PI3HUIIIO0 MK KJIacU(IKaIi€0 Ha OCHOBI MPaBUJI Ta KJIACU(PIKAIIIEIO
Ha OCHOB1 MAIlIMHHOTO HaBYaHHS.

13. SIki iCHYIOTH OCHOBHI METOJIM BEKTOPHOI perpe3eHTallii Ta BOyyBaHHS CJIiB?
14. SIk1 iICHYIOTh TUIIM MAIIMHHOTO HABYAHHS?

15. IlosicHITh crienndiKy TaKUX METOAIB TEMATHYHOTO MOjieItoBaHHS ik LDA,
LSA ta BERTopic.

16. ITosICHITH TPUHLIMI CTBOPEHHS Ta (DYHKIIIOHYBAaHHS BEJIMKUX MOBHHMX MOJEIEN
Ha xmrant GPT, Bloom ta Llama.
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